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Over the last few decades, the institutionalisation of quantitative research evaluations has
created incentives for scholars to publish as many papers as possible. This paper assesses
the effects of such incentives on individual researchers’ scientific impact, by analysing the
relationship between their number of articles and their proportion of highly cited papers. In
other words, does the share of an author’s top 1% most cited papers increase, remain stable, or decrease as his/her total number of papers increase? Using a large dataset of disambiguated researchers (N = 28,078,476) over the 1980–2013 period, this paper shows that,
on average, the higher the number of papers a researcher publishes, the higher the proportion of these papers are amongst the most cited. This relationship is stronger for older
cohorts of researchers, while decreasing returns to scale are observed for recent cohorts.
On the whole, these results suggest that for established researchers, the strategy of publishing as many papers as possible did not yield lower shares of highly cited publications,
but such a pattern is not always observed for younger scholars.

Introduction
Over the last few decades, evaluations have become widespread in various spheres of society
[1]. Despite being assessed internally through peer review since the second half of the 20th Century, research has, for most of its modern existence, been exempt from external evaluations—
thanks to post-WWII economic and scientific growth, as well as the general idea, advocated by
Vannevar Bush [2], that science should be free of external interventions. Means of evaluating
research and scholars have, however, slowly changed during the 1980s and 1990s, with
researchers, administrators, and policy makers gradually incorporating bibliometric indicators
in the process. Such quantitative analyses of research activity and impact gained further importance in the 2000s [3], when an increasing set of tools and indicators for assessing individual
researcher’s output and impact—such as Google Scholar and the h-index—were developed and
made easily available. While in some cases bibliometric assessments were performed to
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complement peer review in the allocation of research funding—such as the BOF-key in Flanders (Belgium) [4] or the Research Assessment Exercise/Framework in the UK—they have, in
other settings, become the only means through which research is assessed and funded [5]. Various publication-based and citation-based funding models can now be found in Australia, Norway, Denmark, Sweden and Finland—and translates as the ‘currency’ through which academic
exchanges of tenure, promotion and salary raises are made [6].
The institutionalisation of these evaluations led many researchers to put large emphasis on
the number of papers they published. This has led to adverse effects [7–10]. Indeed, like any
social group, researchers might be prone to change their behaviour once the rules of the game
or what is expected from them become explicit; a phenomenon that could be referred to as the
Hawthorne effect [11], and that can be associated with Goodhart’s [12] and Campbell’s [13]
laws. As most evaluations and rankings are based on numbers of papers published, this has created incentives for researchers to publish as many papers as possible. For instance, in Australia,
where publication counts were used without any emphasis on publication venue or citations,
researchers have been found to increase the numbers of publications in journals with high
acceptance rates and lower impact [14].
In this research evaluation culture of quantity, researchers may have adopted different publication strategies. For example, some researchers might focus on publishing few, high-quality
papers—e.g. being more ‘selective’ [15] or ‘perfectionist’ [16], while some others may aim at
publishing as many papers as possible, irrespective of their quality—e.g. ‘mass producers’ [16]
or ‘big producers’ [17]. The practice of publishing as many papers as possible—often referred
to as ‘salami slicing’—has been long discussed in the literature [18–20]. However, only a few
authors have analysed the effect of these publication behaviour on citations received, or more
generally, the relationship between research output and scientific impact at the individual
researchers’ level. For instance, using a sample of 99 male scholars at prestigious US universities, Feist [21] showed that eminence—defined as a mix of peer assessed creativity, visibility
and honours received—was most likely associated with scholars who publish a lot of papers,
rather than with selective scholars. Similarly, Hanssen and Jørgensen [22] analysed the effect of
‘experience’ on papers’ citations; experience being defined as the author’s previous number of
publications. Drawing a sample of papers in transportation research (N = 779) they showed
that experience is a statistically significant determinant of individual papers’ citations, although
this increase becomes marginal once a certain threshold is met in terms of papers previously
published. Supporting this, Bornmann and Daniel [23] have shown, for a small sample of PhD
research projects in biomedicine (N = 96), that an increase in the number of papers associated
with a project leads to an increase in the total citation counts of the set of papers. Finally, using
74,000 Swedish publications and 48,000 authors for the period 2008–2011, a strong relationship between scholars’ research output and their probability of producing highly cited publications was found, even when fractional counting of papers is used [24].
This paper expands on such previous work, with a larger dataset and over a longer time
period. Indeed, using a large dataset of distinct disambiguated researchers (N = 28,078,476)
who published at least one paper during the 1980–2013 period, this paper aims to better understand the relationship between publication activity and scholarly impact. More specifically, it
aims to answer the following research question: what is the relationship between research productivity and scholarly impact? Is the share of scholars’ top papers increasing, stable, or declining, as their research productivity increases? In other words, can scholars be too productive? A
good analogy for this is archery: if an archer throws one arrow, what is the probability that it
hits the center of the target? Does an increase in the number of arrows thrown leads to an
increase in the proportion arrows hitting the center of the target? Our working hypothesis is
that authors with higher number of papers would also publish a higher proportion of top cited
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papers. Such hypothesis would be in agreement with Merton’s theory of cumulative advantage
[25], and supported by the empirical work in the sociology of science [16]. Similarly, in a Bourdieusian framework, the main goal of a researcher is to increase its rank in the scientific hierarchy and gain more scientific capital [26]. If publishing a high number of scientific papers and
being abundantly cited are the ways through which researchers can reach this goal, then they
will adapt their behaviour to reach these evaluation criteria.

Methods
This paper uses Thomson Reuters’ Web of Science (WoS) database for the period 1980–2013.
Only journal articles are included. Given that the unit analysed in this paper are individual
researchers, we used the author disambiguation algorithm developed by Caron & van Eck [27]
to identify the papers authored by individual researchers. On the whole, the algorithm managed to attribute papers to 28,078,476 individuals who have published their first paper between
1980 and 2013. In order to assess differences across disciplines, and to take into account scholars’ publication and citation patterns [28]—we categorized researchers into four disciplinary
domains based on their publication venues: 1) law, arts, and humanities, 2) medical and life sciences, 3) natural sciences, and 4) social and behavioral sciences. Such categorization was based
on a reclassification of WoS Subject Categories into four main disciplinary categories.
Three methods were tested to take into account the fact that researchers might publish in
more than one of the four broad disciplinary domains. A first method was to consider authordomain combinations [29] as distinct entities, and to divide a researcher in as many entities
(MAX = 4) as there are domains in which his or her papers were published. The disadvantage
of such method for this paper is that it splits those who have published in more than one broad
field into different “researchers,” which, in turn, reduces their total research output. It also
increases the number of scholars analysed by 12.2% to 31,490,527. A second method was to use
the broad discipline in which a scholar was the most active in terms of number of papers as
his/her main discipline, and assign all of his/her papers into that discipline. In the case of a tie
—an author who has published the same maximum number of papers in two fields—the field
of the researcher was chosen randomly among the fields with the highest number of papers.
Finally, a third method was only to count the researcher in the field in which he/she has the
highest number of papers, and to restrict the papers analysed to those in that discipline.
Although all three methods yielded similar results because of the large numbers involved, we
chose the second method, as it includes all the research output of a scholar into the field that is
most likely to be her/his main one.
As our aim is to assess researchers’ contribution to papers that have the highest impact, we
isolated the top 1% most cited papers published each year for each discipline (normalised by
WoS subject categories). Citations were counted until the end of 2013, and any overlap between
the groups of citing and of cited authors (self-citations) were excluded. Hence, the paper only
focuses on ‘external citations’ as these are the most relevant for evaluative purposes [30].
Fig 1 presents the number of scholars analysed in the paper, according to their year of first
publication. The fact that the database starts in 1980 explains why we observe a decrease in the
number of new scholars for the first few years of the database (as all 1980 scholars are de facto
“new” scholars). For disciplines of the natural and medical sciences (Panel A), we observe a
steep increase of the number of new scholars from the mid-1980s onwards. For the social and
behavioral sciences (Panel B), the early 1980s decrease is followed by a relatively stable number
of new authors, until the early 2000s when the number of new authors increase from about
40,000 to 70,000 annually. For law, arts, and humanities, the number of new authors is relatively stable, if not slightly decreasing, throughout the period.
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Fig 1. Number of disambiguated researchers, by year of first publication and broad field.
doi:10.1371/journal.pone.0162709.g001

S1 Table presents the main descriptive values for the dataset of scholars studied, focusing on
the two main variables under study (i.e. the total number of papers and the share of top 1%
articles). As one could expect, differences in research productivity are observed across disciplines, a pattern already documented by Ruiz-Castillo & Costas [29]. Similarly, some differences in the proportion of top 1% publications can also be observed across disciplines and
cohorts. Interestingly, we observe an increase in the number of active scholars between cohort
1981–1985 and 2009–2013 in all disciplines but Law, arts and humanities, which suggest that
the coverage of the WoS has, in those disciplines, actually decreased over the last 30 years.

Results
Fig 2 presents, for the oldest cohort studied—researchers who have published their first paper
between 1981 and 1985—the relationship between the number of papers throughout their
career and the proportion of those papers that made it to the top 1% most cited. For any specific
number of papers, the expected value of top 1% papers is, as one might expect, 1%. For each of
the four broad domains, authors with very few papers are, on average, much less likely to publish high shares of top 1% most cited papers. But, even more importantly, we also see that for
each domain, there is an increase in the proportion of top 1% most cited papers as researchers’
output increase. The strength of the relationship, however, varies by domain, with a stronger
relationship in medical and life sciences (R2 = 0.83) followed by natural sciences (R2 = 0.73),
social and behavioral sciences (R2 = 0.68) and then by the social sciences and law, arts and
humanities (R2 = 0.57).
More specifically, medical and life sciences scholars with less than 10 papers generally publish less than 1% of their papers in the top 1% most cited groups of papers, the share of top
papers increases with productivity, and reaches values between 2% and 3% for scholars who
published more than 200 papers. In natural sciences, the increase is not as fast, with scholars
who, roughly, publish less than 45 papers still being less likely to publish a high share of top
papers. Along these lines, the results are also more scattered, with the group of scholars publishing 150 papers or more obtaining shares of top 1% most cited papers between 1% and 2.5%.
In the social and behavioral sciences, very fast increase is seen in terms of shares of top cited
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Fig 2. Proportion of top 1% most cited papers (y axis), as a function of the number of papers published (x axis), for the
cohort of researchers who have published their career number between 1981 and 1985, by domain. Only classes of numbers
of papers with 30 researchers or more are shown. Power trendlines and R2 are were obtained using the Excel software.
doi:10.1371/journal.pone.0162709.g002

papers: researchers with 4 papers or more already punch above their weight, and between 1.5%
and 4% papers from researchers who published between 40 and 60 papers were in the top 1%
most cited papers. Similar trends can be found in law, arts and humanities, with scholars who
have published more than one paper having a share of top papers above average, and scholars
with 10–20 papers obtaining a share of top papers between 1.3% and 2.6%.
When the subset of younger researchers who have published their first paper between 2009
and 2013 is considered, different patterns are observed (Fig 3). For medical and life sciences,
there is an increase in the share of highly cited publications—although with percentages that
are lower than those observed for the oldest cohort—slightly after 15 publications, when
decreasing returns to scale are observed. And contrary to the older cohort of scholars from this
domain, it is those with higher numbers of papers (>30) that obtain lower shares of top papers.
For natural sciences, the trend is similar to that obtained for the older cohort, with larger shares
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Fig 3. Proportion of top 1% most cited papers, as a function of their number of papers published, for the cohort of
researchers who have published their first paper between 2009 and 2013, by domain. Only classes of numbers of papers with
30 researchers or more are shown. Power trendlines and R2 are used for natural sciences and social and behavioral sciences, while
2nd order polynomials are used for medical and life sciences, and law, arts and humanities.
doi:10.1371/journal.pone.0162709.g003

of top papers associated to higher levels of research production. In this domain, scholars with
high levels of production (e.g. >40 papers) reach shares of top papers that are sometimes
between 5 and 7 times world average. For both social and behavioral sciences, and law, arts and
humanities, we observe increases in the proportion of top papers as output rises but, in a manner similar to medical and life sciences researchers, decreasing returns to scale (i.e. lower shares
of top papers for higher levels of production) are observed.
An important characteristic of this cohort is that it got socialized to research recently—
when the evaluation culture was more present—which might make them prone to publish as
much as possible. However, the drop in the share of top papers observed in each domain except
natural sciences suggests that these academically-younger scholars struggle to keep impact
high once a certain threshold is met. This might be due to the fact that these scholars have not

PLOS ONE | DOI:10.1371/journal.pone.0162709 September 28, 2016

6 / 10

How Many Is Too Many?

Fig 4. Proportion of top 1% most cited papers for all cohorts of researchers, by domain. A) As a function of career length, B) As a
function of their annual number of papers (rounded). Only groups with 30 researchers or more are shown.
doi:10.1371/journal.pone.0162709.g004

yet secured permanent or tenure positions and, thus, might feel that they cannot be as selective
as older scholars
In order to take into account scholars’ various career paths, we compiled the proportion of
top 1% most cited papers as a function of career length (Fig 4, panel A) for all cohorts combined (Fig 4, panel B). Career length analysis shows that longer careers are associated with a
higher proportion of papers published in the top 1% most cited, irrespective of the domain.
More specifically, authors with very short careers—which account for the majority of scholars
and are likely to be occasional or transient authors who have performed master or doctorate
degrees without remaining in research—have systematically lower shares of top papers. As
career length increases, shares of top papers increase slightly for natural sciences and medical
and life sciences, and at a faster pace for social and behavioral sciences as well as for law, arts
and humanities. For all domains but the latter, the longest career length is associated with the
highest proportion of top 1% most cited papers. Along these lines, annual numbers of papers
are also associated with higher levels of scientific impact. While the positive relationship
between the two variables is quite clear for social and behavioral sciences, we observe a flattening of the curve at about 10 papers for medical and life sciences and natural science followed,
for the latter field, by an increase in top papers for annual numbers of papers between 30 and
50. Law, arts and humanities, however, follows a different pattern, with scholars having less
than one paper/year obtaining the highest proportion of top papers. Although not shown, similar patterns were obtained when only looking at specific cohorts.

Discussion and Conclusion
Previous research has shown that, in many contexts, the focus on quantitative indicators for
research evaluation has had adverse effects [7]. This paper aimed to provide an original analysis
of one of these: to publish as much as possible. Our results have shown that, for older researchers, the higher the number of papers published, the more likely those ended up being amongst
the most cited papers of their discipline. For younger scholars, however, such relationship
could only be observed in the natural sciences and, to a certain extent, in the social and
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behavioral sciences. For the two other broad domains, higher scientific output was associated
with decreasing shares of highly cited publications.
Several factors can contribute to the explanation of this pattern. For instance, authorship
criteria [31] and co-authorship patterns [32] are different in disciplines of the natural sciences
and of medical and life sciences than in the social and behavioral sciences and law, arts and
humanities, which might explain why senior researchers are more likely to contribute to many
papers (and many top cited ones). Similarly, while this study takes age of academics into
account—which has been shown to be a key driver of scholarly output and impact [33, 34]—
there are several other factors that have been shown to affect research output and impact, such
as interdisciplinary, gender, funding, country, and database used [28, 30, 35–38]. The thorough
exploration of all these factors is obviously beyond the objectives and possibilities of this paper,
and further research should help to clarify how these factor interact and play a role in the patterns observed here.
From a theoretical point of view, these results conform to the Mertonian theory of cumulative advantages [25]: the higher the number of papers an author contributes to, the more he/
she gets known and, hence, is likely to further attract citations. In Bourdieusian terms [26], the
more an author publishes and accumulates citations in a domain, the more this capital will
yield additional papers and citations. The relationship could also be in the other direction, as
authors with a lot of scientific capital might have more opportunities to contribute to papers
(e.g. through collaboration, funding, etc.). Still, the results show that highly productive authors,
on average, also contribute to more highly cited papers; the fact that this is not consistently
observed for younger researchers might be due to the fact that this age group has not had
enough time to stratify [16] itself into different categories of scholars. Finally, from a practical
point of view, the interdependencies between absolute indicators—such as number of publications—and relative indicators—such as the proportion of top cited papers—reinforce the idea
of research performance as a multidimensional concept [39], difficult to measure by a reduced
set of indicators. This supports the idea of contextualize research performance as a complex
ecosystem of different types of scholars, activities, abilities and relationships [40], as well as the
idea raised in the Leiden Manifesto [41] that individuals are best assessed on a qualitative judgment of their portfolio, combining several indicators and information about their activities.
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(DOCX)

Acknowledgments
This paper is an extended version of a proceeding presented at the 2015 conference of the
International Society for Scientometrics and Informetrics. The authors thank the referees for
their useful comments and suggestions.

Author Contributions
Conceptualization: VL RC.
Formal analysis: VL RC.
Funding acquisition: VL.
Investigation: VL RC.

PLOS ONE | DOI:10.1371/journal.pone.0162709 September 28, 2016

8 / 10

How Many Is Too Many?

Methodology: VL RC.
Software: VL RC.
Validation: VL RC.
Visualization: VL RC.
Writing – original draft: VL RC.
Writing – review & editing: VL RC.

References
1.

Dahler-Larsen P. The evaluation society. Palo Alto: Stanford University Press; 2011

2.

Bush V. Science: The Endless Frontier: A Report to the President on a Program for Postwar Scientific
Research. Washington, DC: National Science Foundation; 1945. Available: https://www.nsf.gov/od/
lpa/nsf50/vbush1945.htm

3.

Cameron BD. Trends in the usage of ISI bibliometric data: Uses, abuses, and implications. portal:
Libraries and the Academy. 2005; 5(1):105–25.

4.

Debackere K, Glänzel W. Using a bibliometric approach to support research policy making: The case of
the Flemish BOF-key. Scientometrics. 2004; 59(2):253–76.

5.

Sörlin S. Funding diversity: performance-based funding regimes as drivers of differentiation in higher
education systems. Higher Education Policy. 2007; 20(4):413–40.

6.

Fuyuno I, Cyranoski D. Cash for papers: putting a premium on publication. Nature. 2006; 441(7095):792
PMID: 16778850

7.

Binswanger M. How Nonsense Became Excellence: Forcing Professors to Publish. In: Welpe IM, Wollersheim J, Ringelhan S, Osterloh M, editors. Incentives and Performance. Springer International Publishing; 2015 p. 19–32.

8.

Frey BS, Osterloh M. Evaluations: Hidden costs, questionable benefits, and superior alternatives. Institute for Empirical Research in Economics, University of Zurich. 2006

9.

Haustein S, Larivière V. The use of bibliometrics for assessing research: possibilities, limitations and
adverse effects. In: Welpe IM, Wollersheim J, Ringelhan S, Osterloh M, editors. Incentives and Performance. Springer International Publishing; 2015 p. 121–39

10.

Weingart P. Impact of bibliometrics upon the science system: Inadvertent consequences?. Scientometrics, 2005; 62(1):117–31.

11.

Gillespie R. Manufacturing knowledge: a history of the Hawthorne experiments. Cambridge University
Press; 1993.

12.

Goodhart CAE. Problems of Monetary Management: The U.K. Experience. Papers in Monetary Economics (Reserve Bank of Australia); 1975.

13.

Campbell DT. Assessing the impact of planned social change. Evaluation and Program Planning.
1979; 2(1):67–90.

14.

Butler L. Modifying publication practices in response to funding formulas. Research Evaluation. 2003;
12(1):39–46.

15.

Costas R, Bordons M. The h-index: Advantages, limitations and its relation with other bibliometric indicators at the micro level. Journal of Informetrics. 2007; 1(3):193–203.

16.

Cole JR, Cole S. Social stratification in science. Chicago: University of Chicago Press; 1973.

17.

Costas R, Bordons M. Is g-index better than h-index? An exploratory study at the individual level. Scientometrics. 2008; 77(2):267–88.

18.

Abraham P. Duplicate and salami publications. Journal of Postgraduate Medicine. 2000; 46(2):67.
PMID: 11013467

19.

Jefferson T. Redundant publication in biomedical sciences: Scientific misconduct or necessity? Science and Engineering Ethics 1998; 4(2)135–40. PMID: 11657769

20.

Wager E, Singhvi S, Kleinert S. (2015). Too much of a good thing? An observational study of prolific
authors. PeerJ. 2015; 3:e1154. doi: 10.7717/peerj.1154 PMID: 26312173

21.

Feist GJ. Quantity, quality, and depth of research as influences on Scientific Eminence: is quantity
more important? Creativity Research Journal. 1997; 10(4):325–35.

PLOS ONE | DOI:10.1371/journal.pone.0162709 September 28, 2016

9 / 10

How Many Is Too Many?

22.

Hanssen TES, Jørgensen F. The value of experience in research. Journal of Informetrics. 2015; 9
(1):16–24.

23.

Bornmann L, Daniel HD. Multiple publication on a single research study: does it pay? The influence of
number of research articles on total citation counts in biomedicine. Journal of the American Society for
Information Science and technology. 2007; 58(8)1100–7.

24.

van den Besselaar P, Sandstrom U. Does Quantity Make a Difference? The importance of publishing
many papers. 2015;arXiv:1510.01871.

25.

Merton R. K. The Matthew effect in science. Science. 1968; 159(3810):56–63.

26.

Bourdieu P. Science of science and reflexivity. Cambridge, UK: Polity Press; 2004.

27.

Caron E, van Eck NJ. Large scale author name disambiguation using rule-based scoring and clustering. In 19th International Conference on Science and Technology Indicators. Context counts: Pathways
to master big data and little data. CWTS-Leiden University Leiden; 2014 p.79–86.

28.

Abramo G, D’Angelo CA. National-scale research performance assessment at the individual level.
Scientometrics. 2011; 86(2)347–64.

29.

Ruiz-Castillo J, Costas R. The skewness of scientific productivity. Journal of Informetrics. 2014; 8(4),
917–34.

30.

Costas R, Van Leeuwen TN, Bordons M. Self-citations at the meso and individual levels: effects of different calculation methods. Scientometrics. 2010; 82(3):517–37. PMID: 20234766

31.

Pontille D, Fraenkel B. La signature scientifique: Une sociologie pragmatique de l'attribution. Paris:
CNRS; 2004.

32.

Larivière V, Gingras Y, Archambault E. Canadian collaboration networks: A comparative analysis of the
natural sciences, social sciences and the humanities. Scientometrics. 2006; 68(3):519–33.

33.

Costas R, Van Leeuwen TN, Bordons M. A bibliometric classificatory approach for the study and
assessment of research performance at the individual level: The effects of age on productivity and
impact. Journal of the American Society for Information Science and Technology. 2010; 61(8): 1564–
81.

34.

Gingras Y, Larivière V, Macaluso B, Robitaille JP. The Effects of Aging on Researchers' Publication
and Citation Patterns. PLoS ONE. 2008; 3(12): e4048. doi: 10.1371/journal.pone.0004048 PMID:
19112502

35.

Mauleón E, Bordons M. Productivity, impact and publication habits by gender. Scientometrics. 2006; 66
(1):199–218.

36.

Larivière V, Gingras Y, Cronin B, Sugimoto CR. Global gender disparities in science. Nature. 2013;
504:4–6.

37.

Wildgaard L, Schneider JW, Larsen B. A review of the characteristics of 108 author-level bibliometric
indicators. Scientometrics. 2014; 101(1)125–58. doi: 10.1007/s11192-014-1423-3

38.

Tahamtan I, Afshar AS, Ahamdzadeh K. Factors affecting number of citations: a comprehensive review
of the literature. Scientometrics. 2016; 107(3): 1195–1225.

39.

van Leeuwen TN, Visser MS, Moed HF, Nederhof TJ, van Raan AFJ. The Holy Grail of science policy:
Exploring and combining bibliometric tools in search of scientific excellence. Scientometrics. 2003; 57
(2):257–80.

40.

Costas R, Noyons E. From publications to people: bibliometric benchmarking of a selection of countries
in the Life Sciences based on individual-level bibliometrics. STI 2014 Leiden, 2014;114–22.

41.

Hicks D, Wouters P, Waltman L, de Rijcke S, Rafols I. (2015). The Leiden Manifesto for research metrics. Nature. 2015; 520:430–1.

PLOS ONE | DOI:10.1371/journal.pone.0162709 September 28, 2016

10 / 10

